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Abstract

This study examines an organizational performance prediction model based on big data analysis
and strategic intelligence. In today’s complex and changing world, organizations need to use
modern techniques such as big data analysis and artificial intelligence to make strategic
decisions and improve their performance. Big data, by providing deep insights and advanced
analytics, allows organizations to make more accurate predictions about their performance.
Also, strategic intelligence is proposed as a tool for analyzing information and making informed
decisions in line with sustainable competitive advantage. The main purpose of this article is to
design an organizational performance prediction model using these two strategic approaches.
The research method used in this study is thematic analysis and interviews with 15 experts in
the fields of management and information technology. The results of the research show that
combining big data with strategic intelligence can help organizations predict and improve their
performance and provide solutions for optimal management of strategic processes and
decisions.
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